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1. Set of like elements. Elements from different clusters are not alike.

2. The distance between points in a cluster is less than the distance between a point

in the cluster and any point outside it. °
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The Colors of a Microarray

Reproduced with permisgion from the Office of Science Education, the hational
Institutes of Health,

I this schernatic:

GREEN represents Control DNA, where either DNA or cDMA, dermved
fram normal tissue is hybndized fo the target DMA,

RED represents Sample DNA, where either DMA or cOMA is derved
from diseased tissue hybndized to the target DA

represents
. where both hybridized equally 1o the target DNA

BLACK represents areas where neither the Control nor Sample
DHA hybridized to the target DA
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o User-specified clustering threshold

nr User-specified minimum # of rows of a pCluster

ne User-specified minimum # of columns of a pCluster
MDSc Maximum Dimension Sets of condition
MDSo Maximum Dimension Sets of object
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Input: z,y: two objects, T: set of columns, ne: minimal
number of columns, 4: cluster threshold
Output: All §-pClusters with more than ne columns

8 +— dy — dy; J¥ l.e., 8; «— dei — dy; Tor each i in T */

sort array s:

start +— 0 ; end — 1 ;

new «— TRUE; /* a boolean variable, if TRUE, indicates
an untested column in [start, end] */

repeat

U 4= Send — Sstart;

if |v| < & then

/¥ expands d-pCluster to include one more columns
*

end — end + 1;

| new «— TRUE;

else

Return §-pCluster if end — start = ne and new =
TRUE;

start — start + 1;

| new «— FALSE;

until end = |T|;
Return d-pCluster if end — start = nc and new = TRUE;
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